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ABSTRACT
Introduction. Artificial intelligence and machine learning are technologies that assist in uncovering patterns 
in data that can inform clinical decision-making. The Registered Nurses’ Association of Ontario has used 
artificial intelligence techniques to assist in understanding impactful clinical practices and implementation 
strategies. This scoping review aimed to discover the adaptation and implementation of various artificial 
intelligence and machine learning techniques in various healthcare settings using different data systems 
that house nursing-related data. Methodology. In March 2022, a scoping review was conducted to search 
for peer-reviewed literature using the following terms: “nursing”, “artificial intelligence”, “data systems”, 
“statistics”, and “aggregated data”. Studies were excluded if they were not relevant to nursing, utilized 
qualitative or mixed-methods analyses, were literature review articles, and did not focus on artificial 
intelligence or the use of patient-level data. Results. A total of 2,627 articles were retrieved, with 1,518 
articles remaining after de-duplication. Through title and abstract screening, 1,347 articles remained. 
Following the full-text screening, 13 studies remained. Artificial intelligence techniques used by healthcare 
data systems include regression, neural networks, classification, and graph-based methods, among others. 
Discussion. There is a gap in the application of artificial intelligence methods in data systems that evaluate 
the impact of implementing best practices in nursing. More data systems are needed that employ artificial 
intelligence techniques to support the evaluation of best practices in nursing and other health professions. 
Conclusions. Various artificial intelligence techniques in data systems housing nursing-related data were 
retrieved. However, more data systems and research are needed in this area.

Keywords:
Practice Guidelines as Topic; Evidence-Based Nursing; Machine Learning; Artificial Intelligence; Health 
Information Systems 

RESUMEN
Introducción. La inteligencia artificial y el aprendizaje automático son tecnologías que ayudan a descubrir 
patrones en los datos que pueden informar la toma de decisiones clínicas. La Asociación de Enfermeras 
Registradas de Ontario ha utilizado técnicas de inteligencia artificial para ayudar a comprender las 
prácticas clínicas que generan impacto y las estrategias de implementación. El objetivo de esta revisión 
es descubrir la adaptación e implementación de diversas técnicas de inteligencia artificial y aprendizaje 
automático en varios entornos sanitarios, utilizando diferentes sistemas de datos que almacenan datos 
relacionados con la enfermería. Metodología. En marzo de 2022, se realizó una revisión de alcance 
para buscar literatura revisada por pares utilizando los siguientes términos: «enfermería», «inteligencia 
artificial», «sistemas de datos», «estadística» y «datos agregados». Se excluyeron los estudios si no eran 
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relevantes para la enfermería, utilizaban análisis cualitativos o de métodos mixtos, si eran artículos de revisión bibliográfica y no se 
centraban en la inteligencia artificial o en el uso de datos a nivel de paciente. Resultados. Se recuperó un total de 2,627 artículos, 
de los cuales 1,518 quedaron tras la eliminación de duplicados. Tras la revisión de títulos y resúmenes, quedaron 1,347 artículos. 
Posteriormente, con la revisión del texto completo, quedaron 13 estudios. Las técnicas de inteligencia artificial utilizadas por los 
sistemas de datos sanitarios incluyen, entre otras, la regresión, las redes neuronales, la clasificación y los métodos basados en gráficos. 
Discusión. Existe un vacío en la aplicación de métodos de inteligencia artificial en los sistemas de datos que evalúan el impacto de la 
implementación de buenas prácticas en enfermería. Se necesitan más sistemas de datos que empleen técnicas de inteligencia artificial 
para apoyar la evaluación de buenas prácticas en enfermería y otras profesiones de la salud. Conclusiones. Se recuperaron diversas 
técnicas de inteligencia artificial en sistemas de datos que almacenan datos relacionados con la enfermería. Sin embargo, se necesitan 
más sistemas de datos e investigación en este ámbito.

Palabras clave:
Guías de Práctica Clínica como Asunto; Enfermería Basada en la Evidencia; Aprendizaje Automático; Inteligencia Artificial; Sistemas 
de Información en Salud

RESUMO
Introdução. A inteligência artificial e o aprendizado de máquina são tecnologias que ajudam a descobrir padrões em dados que 
podem informar a tomada de decisões clínicas. A Associação de Enfermeiras Registradas de Ontário vem utilizando técnicas 
de inteligência artificial para ajudar a entender as práticas clínicas que geram impacto e as estratégias de implementação. O 
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objetivo desta revisão é descobrir a adaptação e implementação de diversas técnicas de inteligência artificial e aprendizado 
de máquina em diversos ambientes de saúde, utilizando diferentes sistemas de dados que armazenam dados relacionados à 
enfermagem. Metodologia. Em março de 2022, foi realizada uma revisão de escopo para pesquisar literatura revisada por pares 
usando os seguintes termos: «enfermagem», «inteligência artificial», «sistemas de dados», «estatísticas» e «dados agregados». 
Foram excluídos os estudos que não se mostravam relevantes para a enfermagem, utilizavam análises qualitativas ou de métodos 
mistos, se eram de artigos de revisão de literatura e não focavam na inteligência artificial ou no uso de dados no nível do 
paciente. Resultados. Foram recuperados 2,627 artigos no total, dos quais 1,518 permaneceram após a eliminação das duplicatas. 
Após a revisão de títulos e resumos, restaram 1,347 artigos. Posteriormente, com a revisão do texto completo, restaram 13 
estudos. As técnicas de inteligência artificial usadas pelos sistemas de dados de saúde incluem, entre outras, regressão, redes 
neurais, classificação e métodos baseados em gráficos. Discussão. Existe uma lacuna na aplicação de métodos de inteligência 
artificial em sistemas de dados que avaliam o impacto da implementação de boas práticas de enfermagem. São necessários mais 
sistemas de dados que implementem técnicas de inteligência artificial para apoiar a avaliação de boas práticas em enfermagem e 
outras profissões de saúde. Conclusões. Diversas técnicas de inteligência artificial foram recuperadas em sistemas de dados que 
armazenam dados relacionados à enfermagem. No entanto, são necessários mais sistemas de dados e investigação nesta área.

Palavras-chave: 
Guias de Prática Clínica como Assunto; Enfermagem Baseada em Evidências; Aprendizado de Máquina; Inteligência Artificial; 
Sistemas de Informação em Saúde

Introduction  
The term “artificial intelligence” was coined by John 
McCarthy in 1956 during the Dartmouth Summer 
Research Project on Artificial Intelligence (1). Since then, 
the definition of this term has evolved from “intelligent 
machines” (2) to the modern definition of “computer 
systems that can imitate human intelligence, such as 
visual perception, speech recognition, decision-making, 
and translation between languages” (3). Artificial 
intelligence (AI) and machine learning (ML) use 
emerging technological advancements and data analytics 
to unwrap patterns of hidden information (4). These 
patterns and predictions of future outcomes can inform 
clinical decision-making and problem-solving, thereby 
creating a feedback loop to optimize outcomes further. 
There are numerous applications of AI and ML in health 
care, including drug development, disease diagnostics, 
analysis of health plans, health monitoring, drug 
consultation, surgical treatment, managing medical data, 
personalized treatment, and medical treatment (5). AI and 
ML tools and platforms, for example, are used to assist 
radiologists in identifying lesions, tumors, and suspicious 
spots on the skin through the collection of medical 
imaging data (6). In nursing, ML algorithms can be used 
to manage Big data while informing nursing assessments, 
interventions, documentation (7), and problem-solving to 
optimize care provision (8). To support problem-solving, 
AI is used within clinical decision support (CDS) systems 
to advance clinical nursing practice (9). For example, AI-
based sepsis CDS alert systems have been recently used 
to trigger rapid responses to patients experiencing sepsis 
(10). These alert systems use ML techniques to predict a 
patient’s risk of clinical deterioration from vital signs and 
lab results (11), as seen in the Communicating Narrative 
Concerns Entered by Registered Nurses (CONCERN) 
CDS system (12). AI may also play a vital role in 

contributing to the understanding of how to facilitate the 
implementation of best practice guidelines (BPGs).

The Registered Nurses Association of Ontario has been 
funded by the Government of Ontario in Canada since 
1999 to develop BPGs (13). RNAO also supports the 
implementation and sustainability of BPGs through their 
Best Practice Spotlight Organization® (BPSO®) program 
since the inception of the BPSO program in 2003 (13). 
The BPSO program has facilitated BPG implementation 
provincially, nationally and internationally, leading to 
improved healthcare outcomes in the academic setting 
(14) and in the healthcare setting (15,16), related to 
breastfeeding (17), pain management (18,19), pressure 
injuries (20,21), stroke (22), mental health (23) and 
enteral feeding (24). To monitor and evaluate the impact 
of BPG implementation, RNAO developed two data 
systems: Nursing Quality Indicators for Reporting and 
Evaluation® (NQuIRE®) and the MyBPSO reporting 
system (13,25). The NQuIRE data system consists of the 
following:  demographic data from organizations, data 
collected on quality indicators, an online data entry form 
to support BPSOs with data submissions, and a collection 
of data dictionaries describing quality indicators (13,26). 
Alternatively, MyBPSO is a reporting system that houses 
reports consisting of questionnaires and text field forms 
where BPSOs report on their progress towards achieving 
deliverables and designation through qualitative contextual 
information (13). Using the data housed in these two data 
systems, RNAO launched an artificial intelligence (AI) 
and machine learning (ML) initiative to identify common 
patterns in BPG implementation and identify impactful 
implementation strategies and practice changes associated 
with improved outcomes. Through this information, 
BPSOs and health service organizations worldwide can 
have a list of guideline recommendations, practice changes, 
implementation strategies, and quality indicators to 
prioritize, thereby optimizing clinical, organizational, and 
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health system outcomes. Therefore, given that AI and ML 
techniques are being employed to understand the impact of 
BPG implementation better, it is imperative to know which 
AI and ML methods exist to support clinical decision-
making and BPG implementation further. The purpose 
of this scoping review is to understand the adaptation 
and implementation of various AI and ML techniques 
across multiple healthcare contexts utilizing different data 
systems housing nursing-related aggregated data through a 
search of the following databases: MEDLINE, Cumulate 
Index of Nursing and Allied Health Literature (CINAHL) 
and Embase. 

Methods
This scoping review focused on using AI techniques 
utilized in different data systems that house nursing-
related aggregated data. This scoping review followed 
the methodological framework proposed by Arksey and 
O’Malley (27), which has been further advanced by 
Levac, Colquhoun and O’Brien (28). The five steps of the 
methodological framework include (Step 1) identifying 
the research question, (Step 2) identifying relevant studies, 
(Step 3) study selection, (Step 4) charting the data, and 
(Step 5) collating, summarizing, and reporting the results. 
The Preferred Reporting Items for Systematic Reviews and 
Meta-Analyses extension for Scoping Reviews (PRISMA-
ScR) provides a checklist of items for scoping review 
development (29), which was used as a guiding document 
for this scoping review. A protocol for this scoping review 
was published in the Open Science Framework database, 
registration doi: 10.17605/OSF.IO/YNX76 (30). 

Step 1: Identifying the research question
The following research question guided the scoping 
review:

What type of AI/ML techniques have been used in nursing 
data systems that are built on the use of aggregated data?

Step 2: Identifying relevant studies
The MEDLINE, CINAHL, and Embase databases were 
searched for peer-reviewed literature in March 2022. 
The search strategy was reviewed by the authors and 
thoroughly revised. Scientific peer-reviewed literature was 
prioritized over grey literature due to some of the inherent 
flaws in the latter, such as lack of authentication or proper 
identification. Articles published from the year 2000 to 
March 2022 were searched to ensure that the evidence 
on AI and ML techniques was fully captured, recent and 
accurate. The word search (Annex 1) included “nursing,” 
“artificial intelligence,” “data systems,” “statistics,” and 

“aggregated data.” Relevant Medical Subject Heading 
(MeSH) terms, CINAHL Subject Headings, and keywords 
were added and combined using Boolean operators “AND” 
and “OR.”

Step 3: Study selection
The included studies, which form the backbone of our 
review, focused on AI-based technologies that analyze 
aggregated data extracted from different nursing data 
systems. For the scope of this review, only peer-reviewed 
quantitative studies were included in the final results. 
Articles required a detailed description of the data systems 
and the analysis conducted on aggregated data. What set 
these studies apart was their potential to influence nursing 
practice or bear a clinical outcome, a key criterion for 
inclusion. Studies that focused on certain AI methodologies 
and statistics, such as neural networks, regression or 
classification of data were included.

To maintain the high quality of the scoping review, the 
following exclusion criteria were enforced: (a) not relevant 
to nursing; (b) utilized qualitative or mixed-methods 
analyses, or were literature review articles; (c) did not 
focus on the AI-based technologies, use of patient-level 
data, or non-nursing data systems; (d) published in non-
peer reviewed journals; and (e) not published in English.

Step 4: Charting the data
Identified article abstracts were imported into EndNote 
(31), where duplicates were removed and then uploaded 
into DistillerSR (32) for screening. Article titles and 
abstracts were screened independently by two reviewers 
(SS and CM), and one independent reviewer (SN) addressed 
conflicts. Studies included in the full-text review were 
also screened independently by the same reviewers (SS 
and CM), and discussions with SS, CM, and SN resolved 
disagreements.

A data extraction template was developed to retrieve 
relevant information from the included articles. This 
template was refined through feedback from the other 
authors. The following data categories were extracted for 
each article, when applicable:

•	 RefID (from DistillerSR)
•	 First author (Year)
•	 Study design
•	 Country
•	 Study setting
•	 Eligibility criteria
•	 Objective of study
•	 Type of AI tool used
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•	 Description of AI method
•	 Quantitative outcomes
•	 Clinical outcomes
•	 Additional comments/notes

Two reviewers (SS and CM) extracted data from half of 
the citations and subsequently reviewed the other half of 
the data extracted to ensure the complete assessment of the 
extracted articles.  

Step 5: Collating, summarizing and 
reporting the results
The data were extracted to a spreadsheet and synthesized 
using descriptive statistics (33) and content analysis (34). 
A summary of the review findings is presented in Annex 2.

Results
Overview of included studies:

A total of 2,627 articles were retrieved from three 
databases. After the removal of duplicates, the 
remaining 1,518 articles were further screened. A 
total of 146 articles were retrieved, excluding 1,347 
articles through the title and abstract screening process. 
These final articles were assessed against the inclusion 
and exclusion criteria. Ultimately, 13 studies met the 
inclusion criteria and were included in the review, as 
illustrated in Table 1 (35-47). 

Depicts the process of title and abstract, and full text review. Databases listed: MEDLINE, Embase and CINAHL
Source: prepared by the authors.

Table 1. The process of title and abstract, and full text review.

Counts Descriptions (if any)
IDENTIFICATION

Number of databases searched 3 MEDLINE, Embase, CINAHL

Total records identified from databases 2,627 MEDLINE Embase CINAHL
1,024 1,318 285

Duplicated records removed before 
screening 1,109 There were no records marked as ineligible by 

automation tools or by means of other reasons
SCREENING

Records screened by Title and abstract 1,518
Records excluded 1,314

Reports sought for retrieval 171
Reports not retrieved 25

Reports assessed for eligibility 146
Reports excluded 133 Not in English 1

Published before the year 2000 3
Conference proceeding and/or not 

peer reviewed or grey literature 29

Not about AL/ML in nursing 60
Not utilized aggregated data 11

Not using nursing data system 29
INCLUDED STUDIES

Studies included in review 13

These 13 articles were based on different AI and ML 
research studies from the following countries: United 
States (38.5%, n=5, with one being in collaboration with 
Australia); China (7.7%, n=1); Switzerland (7.7%, n=1); 
South Korea (7.7%, n=1); Austria (7.7%, n=1); Canada 
(7.7%, n=1); India (7.7%, n=1); Mozambique (7.7%, n=1); 

and Italy (7.7%, n=1). The focus of these studies included 
clinical management of medical conditions (46.2%, n=6), 
population health (46.2%, n=6), and occupational health 
(7.7%, n=1). Further information about the included 
studies can be found in Tables 2 and 3.
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AI-based Technologies:

AI methods and tools utilized by different researchers 
are included in Table 4. AI tools predominantly included 
programs such as R, Stata, and others (e.g., Python, 
MATLAB, SAS and Apache Spark). The AI and ML 
techniques included regression, neural networks, 
classification, and graph-based methods, among others.

Describes place of publications and corresponding percentages
Source: prepared by the authors.

This table contains information about the AI and ML methods and tools 
described in the studies. 
Source: prepared by the authors.

Table 2. Publications from different countries Table 4. I and ML Methodology and Tools

Place of Publication n %
United States 5 38.5

China 1 7.7
Switzerland 1 7.7
South Korea 1 7.7

Austria 1 7.7
Canada 1 7.7
India 1 7.7

Mozambique 1 7.7
Italy 1 7.7

AI Tool Used n
Stata (38,45) 2

R (38,39,42,46) 4
Python (39) 1

Apache Spark (39) 1
MATLAB (41) 1

SAS (47) 1
Not specified (35,36,37,40,43,44) 6

AI Method Used n
Graph-based method (36) 1

Cross validation (36,41,43) 3
Regression (37,38,39,40,42,44,45,47) 11
K-nearest neighbours (KNN) (36,37) 2

Neural network (36,39,43) 3
Classification (37,39,41) 3

Principle Component Analysis (PCA) (41,46) 2
Support Vector Machine (SVM) (41) 1

Statistical methods/ No machine learning 
(35,37,38,39,40,42,44,45,46,47) 10

This table contains information about the included studies in this 
scoping review. 
Source: prepared by the authors.

Table 3. Study Characteristics
Place of Research 

(Continent)  n %

North America (one 
being with Australia) 
(35,37,38,42,44,47)

6 46.2

Asia (36,40,43) 3 23.1

Europe (39,41,46) 3 23.1

Africa (45) 1 7.7

Study Design n %
Retrospective study 
(35,37,41) 3 23.1

Cross sectional study (44,46) 2 15.4

Time series analysis (45,47) 2 15.4

Other (36,38,39,40,42,43) 6 46.2
Study Setting n %
Clinical management 
(35,36,37,43,44,45) 6 46.2

Population health 
(38,39,40,42,46,47) 6 46.2

Occupational health (41) 1 7.7

The regression analysis technique is widely used in most 
of the literature reviewed. Different forms of regression 
analyses were performed in these studies. In some studies, 
regression analysis was used to predict future outcomes 
(39,40,42,47). In contrast, in other studies, a relationship 
between different variables was established using 
various regression techniques, such as negative binomial 
regression (37), Poisson regression (38), multinomial 
logistic regression (44), and segmented regression (45). 
The regression models depicted a desired association 
between the variables (37,44) and were highly accurate 
in determining future outcomes when tested with cross-
validation (39,43). The high accuracy can be subject to 
certain flaws, such as using micro-simulation models. 
Statistics Canada developed a micro-simulation model to 
project the prevalence of obesity in South Korea, which 
may not produce highly accurate results given context-
specific variables that may not be present in Statistics 
Canada’s model (40). Another flaw may be caused by self-
reporting of data, such as school absenteeism data, where 
students report the reason for absenteeism through an 
online system, which is highly unreliable (42). This creates 
a bias in the data and the associations formed (42). Lastly, 
the cause of highly accurate results could be the utilization 
of improper models, for example, using regression analysis 
instead of other methods, such as longitudinal studies, 
which may better indicate the data (44).

Shina Singla, Christina Medeiros, Shanoja Naik, Lyndsay Howitt, Doris Grinspun

DOI: https://doi.org/10.29375/01237047.4634          Vol. 26(3):512-521, December 2023 - March 2024



The Use of Artificial Intelligence Techniques in Nursing Data Systems: Scoping Review

518

The statistical methods used in the literature found were 
rolling mean, regression (logistic, negative binomial, 
Poisson), Spearman correlation, cross-correlation, 
exponentially weighted moving average, latent class 
analysis, likelihood ratio chi-square, Akaike’s information 
criterion, Bayesian information criterion, and Eicker-
Huber-White outer product sandwich estimator. 

One of the most famous AI techniques, classification, was 
performed in some studies to classify data. ML methods, 
such as KNN (37), convolutional neural network (CNN) 
(39), and Support Vector Machine (SVM) (41) were used 
for this purpose. These methods predicted the presence 
or absence of infection in target hospital units (37) and 
classified patients as healthy or unhealthy based on current 
status (39). They were used for gait classification using 
different data aggregation techniques (41). Although 
different prediction models show high accuracy when 
tested with cross-validation, chances of publication bias 
exist, where results showing no outcome are ignored (37).

In conjunction with the graph-based method and KNN, 
neural networks were also used in computer-aided 
diagnosis of complex psychological disorders, such as 
autism spectrum disorder (36). This model had 6.4% 
higher accuracy than other methods used for analyzing 
the same dataset. The neural networks utilized in various 
studies seem to work as anticipated and look promising 
considering the result (36,39,43).

Novel research on using the Internet of Things (IoT) was 
also found. IoT is a technological evolution fueled by 
wireless telecommunication and comprises intelligent 
communicating ‘things,’ such as Radio-Frequency 
IDentification (RFID) tags, sensors, actuators, mobile 
phones, and so on (48). The IoT was used to determine 
an integrated solution for combating the COVID-19 
pandemic (39). This multi-layer technology utilized CNN, 
classification, and regression techniques to predict a 
patient’s future state and categorize a patient into infected 
or uninfected. The study has limitations regarding user 
experience in using sensors for collecting data from patients 
and the lack of data in the form of open data repositories 
related to the outbreak of COVID-19.

Discussion
This scoping review yielded the following AI and ML 
techniques related to nursing data systems built on the use 
of aggregated data in the past two decades: regression, 
neural network, graph-based method, classification, PCA, 
KNN, and SVM. While reviewing each article, the focus 
was also on the data collection and aggregation method in 
which the AI techniques were implemented.  Interestingly, 
most of the literature discloses that the data aggregation is 

performed either in the same database or while utilizing 
the AI methodologies.

The results suggest that research on AI and ML methods 
that could be used for aggregated data, in general, is either 
not widely pursued or is possibly the first attempt in this 
direction. The result clearly emphasizes the need for more 
research in this area, either in nursing or research based 
on developing AI and ML for the aggregated data system. 
Fortunately, a few results indicate data aggregated at 
different levels. Furthermore, this scoping review can be 
expanded with more descriptive terminologies to improve 
search strategies and expand the scope to engineering 
databases related to non-nursing-focused research.

There is a shortage of AI methods being utilized in the field 
of nursing. Moreover, the studies evaluated were using 
quantitative data. While focusing on the objective of the 
RNAO’s AI and ML initiative, some studies with focused 
research on qualitative data analysis were expected to be 
retrieved. A recent scoping review published on AI-based 
technologies in nursing is also primarily centered around 
predictive analytics and does not address the use of nursing 
databases (49).

The AI and ML techniques and methods that have been 
elucidated from this scoping review can be utilized in 
many different data systems utilizing aggregated data 
for nursing and other health professions. Although this 
scoping review focused specifically on nursing, the 
scope of practice of nursing overlaps with that of many 
health professionals, such as physicians, physiotherapists, 
occupational therapists, personal support workers, and 
others (50). Therefore, these AI and ML techniques can be 
utilized in various data systems collecting aggregated data 
focused on the broader scope of many health professionals.

In the RNAO context, the findings of this scoping review 
can further inform the evolution of the AI and ML initiative 
applied to the NQuIRE and MyBPSO data systems. 
Among all the techniques retrieved from the studies, neural 
network and regression analysis are novel to NQuIRE 
and MyBPSO. These techniques and methods can further 
inform the AI and ML initiative in RNAO to better 
understand the impact and factors of BPG implementation.

This scoping review was limited as grey literature and non-
English publications were omitted. Only three bibliographic 
databases were searched, and this can be widened to obtain 
further information about AI and ML techniques utilized 
in data systems collecting aggregated data. Lastly, this 
scoping review was limited to nursing data systems, given 
that NQuIRE and MyBPSO are both data systems focused 
on nursing processes. This could be widened in subsequent 
literature reviews to data systems collecting information 
on other work by health professionals whose scope of 
practice aligns with nursing. 
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This review has demonstrated that developing AI platforms 
and techniques in nursing practice generally have relevant 
use cases suitable for academic research.  There is a 
high potential to create fully automated data-driven AI 
formation, including ML methods. However, the current 
study and use of cutting-edge machine learning methods 
(e.g., deep learning using artificial neural networks), when 
compared to medical imaging and diagnostic support, 
appear lacking in nursing.

Conclusion
This scoping review summarized the literature published 
on using various artificial intelligence and machine learning 
techniques in the nursing field utilizing aggregated data 
from nursing data systems. There is a gap in applying these 
methods to the evaluation of qualitative data, especially 
concerning data systems that house aggregated nursing-
related data. Using AI and ML techniques in data systems 
is imperative to understand how to prioritize practice 
changes to optimize clinical care and health outcomes. 
Given the overlap in scope between nursing and other 
health professions, there is an opportunity to widen future 
scoping reviews to include data systems related to other 
health-related disciplines as well. This scoping review 
lays the foundation for future research on aggregated data 
systems in various healthcare contexts.

Acknowledgments
The authors would like to acknowledge Nafsin Nizum 
(Associate Director, Guideline Development and Research) 
and Amy Burt (Senior Manager, Guideline Development 
and Research) for their support in mentoring the reviewers 
on the use of DistillerSR, which substantially helped in 
this scoping review.

Conflicts of Interest
The authors declare that they have no conflicts of interest. 

Funding
The Government of Ontario funds this work. All work 
produced by RNAO is editorially independent of its 
funding source.

References
1.	 McCarthy J, Minsky ML, Rocheste, N, Shannon CE. A 

Proposal for the Dartmouth Summer Research Project on 
Artificial Intelligence, August 31, 1955. AI Mag [Internet]. 
2006;27(4):12-14. doi: https://doi.org/10.1609/aimag.
v27i4.1904

2.	 Fetzer JH. What is Artificial Intelligence? Artificial 
Intelligence: Its Scope and Limits. Springer 
Link [Internet]. 1990;4(1):3–27. doi: https://doi.
org/10.1007/978-94-009-1900-6   

3.	 Robert N. How artificial intelligence is changing nursing. 
Nurs Manag [Internet]. 2019;50(9):30-39. doi: https://
doi.org/10.1097/01.NUMA.0000578988.56622.21  

4.	 Registered Nurses’ Association of Ontario. Nursing 
& Compassionate Care in the Age of Artificial 
Intelligence: Engaging the Emerging Future [Internet]. 
Canada:RNAO;2020. Available from: https://rnao.ca/
sites/rnao-ca/files/RNAO-AMS_Report-Nursing_and_
Compassionate_Care_in_the_Age_of_AI_Final_For_
Media_Release_10.21.2020.pdf 

5.	 Iqbal MJ, Javed Z, Sadia H, Qureshi IA, Irshad A, Ahmed 
R, et al. Clinical applications of artificial intelligence 
and machine learning in cancer diagnosis: looking into 
the future. Cancer Cell Int [Internet]. 2021;21(1):270. 
doi: https://doi.org/10.1186/s12935-021-01981-1  

6.	 Malik-Paras A, Pathania M, Vyas-Kumar R. Overview 
of artificial intelligence in medicine. J Family Med 
Prim Carec. 2019;8(7):2328-2331. doi: https://doi.
org/10.4103/jfmpc.jfmpc_440_19 

7.	 Ahmad S, Jenkins M. Artificial Intelligence for Nursing 
Practice and Management: Current and Potential 
Research and Education. CIN-Comput Inform Nurs 
[Internet]. 2022;40(3):139-144. doi: https://doi.
org/10.1097/CIN.0000000000000871

8.	 Ronquillo CE, Peltonen LM, Pruinelli L, Chu CH, 
Bakken S, Beduschi A, et al. Artificial intelligence 
in nursing: Priorities and opportunities from an 
international invitational think-tank of the Nursing and 
Artificial Intelligence Leadership Collaborative. J Adv 
Nurs [Internet]. 2021;77(9):3707-3717. doi: https://doi.
org/10.1111/jan.14855

9.	 Ackoff RL. From data to wisdom. Journal of 
applied systems analysis [Internet]. 1989;16:3-
9. Available from: https://scholar.google.com/
scholar?q=Ackoff%20R.L.%2C%20From%20
da ta%20to%20wisdom%2C%20Journa l%20
of%20Applied%20Systems%20Analysis%2C%20
16%2C%201989%3A3-9

10.	 Harrison AM, Herasevich V, Gajic O. Automated Sepsis 
Detection, Alert, and Clinical Decision Support: Act 
on It or Silence the Alarm? Crit Care Med [Internet]. 
2015;43(8):1776-1777. doi: https://doi.org/10.1097/
CCM.0000000000001099

11.	 Teng AK, Wilcox AB. A Review of Predictive 
Analytics Solutions for Sepsis Patients. Appl Clin 
Inform [Internet]. 2020;11(3):387-398. doi: https://doi.
org/10.1055/s-0040-1710525 

12.	 Cato KD, McGrow K, Rossetti SC. Transforming 
clinical data into wisdom: Artificial intelligence 
implications for nurse leaders. Nurs Manage [Internet]. 
2020;51(11):24-30. doi: https://doi.org/10.1097/01.
NUMA.0000719396.83518.d6 

13.	 Registered Nurses’ Association of Ontario. Best Practice 
Spotlight Organizations (BPSO). Transforming Nursing 
Through Knowledge [Internet]. Canada:RNAO;2023. 
Available from: https://rnao.ca/bpg/bpso 

Shina Singla, Christina Medeiros, Shanoja Naik, Lyndsay Howitt, Doris Grinspun

DOI: https://doi.org/10.29375/01237047.4634          Vol. 26(3):512-521, December 2023 - March 2024

https://doi.org/10.1609/aimag.v27i4.1904
https://doi.org/10.1609/aimag.v27i4.1904
https://doi.org/10.1007/978-94-009-1900-6
https://doi.org/10.1007/978-94-009-1900-6
https://doi.org/10.1097/01.NUMA.0000578988.56622.21
https://doi.org/10.1097/01.NUMA.0000578988.56622.21
https://rnao.ca/sites/rnao-ca/files/RNAO-AMS_Report-Nursing_and_Compassionate_Care_in_the_Age_of_AI_Final_For_Media_Release_10.21.2020.pdf
https://rnao.ca/sites/rnao-ca/files/RNAO-AMS_Report-Nursing_and_Compassionate_Care_in_the_Age_of_AI_Final_For_Media_Release_10.21.2020.pdf
https://rnao.ca/sites/rnao-ca/files/RNAO-AMS_Report-Nursing_and_Compassionate_Care_in_the_Age_of_AI_Final_For_Media_Release_10.21.2020.pdf
https://rnao.ca/sites/rnao-ca/files/RNAO-AMS_Report-Nursing_and_Compassionate_Care_in_the_Age_of_AI_Final_For_Media_Release_10.21.2020.pdf
https://doi.org/10.1186/s12935-021-01981-1
https://doi.org/10.4103/jfmpc.jfmpc_440_19
https://doi.org/10.4103/jfmpc.jfmpc_440_19
https://doi.org/10.1097/CIN.0000000000000871
https://doi.org/10.1097/CIN.0000000000000871
https://doi.org/10.1111/jan.14855
https://doi.org/10.1111/jan.14855
https://scholar.google.com/scholar?q=Ackoff%20R.L.%2C%20From%20data%20to%20wisdom%2C%20Journal%20of%20Applied%20Systems%20Analysis%2C%2016%2C%201989%3A3-9
https://scholar.google.com/scholar?q=Ackoff%20R.L.%2C%20From%20data%20to%20wisdom%2C%20Journal%20of%20Applied%20Systems%20Analysis%2C%2016%2C%201989%3A3-9
https://scholar.google.com/scholar?q=Ackoff%20R.L.%2C%20From%20data%20to%20wisdom%2C%20Journal%20of%20Applied%20Systems%20Analysis%2C%2016%2C%201989%3A3-9
https://scholar.google.com/scholar?q=Ackoff%20R.L.%2C%20From%20data%20to%20wisdom%2C%20Journal%20of%20Applied%20Systems%20Analysis%2C%2016%2C%201989%3A3-9
https://scholar.google.com/scholar?q=Ackoff%20R.L.%2C%20From%20data%20to%20wisdom%2C%20Journal%20of%20Applied%20Systems%20Analysis%2C%2016%2C%201989%3A3-9
https://doi.org/10.1097/CCM.0000000000001099
https://doi.org/10.1097/CCM.0000000000001099
https://doi.org/10.1055/s-0040-1710525
https://doi.org/10.1055/s-0040-1710525
https://doi.org/10.1097/01.NUMA.0000719396.83518.d6
https://doi.org/10.1097/01.NUMA.0000719396.83518.d6
https://rnao.ca/bpg/bpso


The Use of Artificial Intelligence Techniques in Nursing Data Systems: Scoping Review

520

14.	 Gómez-Díaz OL, Esparza-Bohórquez M, Jaimes-
Valencia ML, Granados-Oliveros LM, Bonilla-Marciales 
A, Medina-Tarazona C. Experiencia en la implantación 
y consolidación de las Guías de Buenas Prácticas de la 
Registered Nurses’ Association of Ontario (RNAO) en 
el ámbito clínico y académico en Colombia. Enferm 
Clin [Internet]. 2020;30(3):145-154. doi: https://doi.
org/10.1016/j.enfcli.2019.11.013 

15.	 Moreno-Casbas T, González-María E, Albornos-Muñoz 
L, Grinspun D. Getting guidelines into practice: lessons 
learned as Best Practice Spotlight Organization host. Int 
J Evid Based Healthc [Internet]. 2019;17:S15-S17. doi: 
https://doi.org/10.1097/XEB.0000000000000178

16.	 Higuchi KS, Davies B, Ploeg J. Sustaining guideline 
implementation: A multisite perspective on activities, 
challenges and supports. J Clin Nurs [Internet], 
2017;26(23-24):4413-4424. doi: https://doi.org/10.1111/
jocn.13770

17.	 17.	 Del Rio-Martínez P, López-García M, Nieto-
Martínez C, Cabrera-Cabrera MA, Harillo-Acevedo D, 
Mengibar-Carrillo A, et al. Aplicación y evaluación de 
la Guía de buenas prácticas: lactancia materna. Enferm 
Clin [Internet]. 2020;30(3):168-175. doi: https://doi.
org/10.1016/j.enfcli.2020.03.016

18.	 Saiz-Vinuesa MD, Albornos-Muñoz L, Fernández-Núñez 
ML, López-García M, Moreno-Casbas T, González-
Sánchez JA. Resultados de la implantación de la Guía de 
valoración  y manejo del dolor en Centros Comprometidos 
con la Excelencia en Cuidados (CCEC®) en España. 
Enferm Clin [Internet]. 2020;30(3):212-221. doi: https://
doi.org/10.1016/j.enfcli.2020.04.002

19.	 Rolin-Gilman C, Fournier B, Cleverley K. Implementing 
Best Practice Guidelines in Pain Assessment and 
Management on a Women’s Psychiatric Inpatient 
Unit: Exploring Patients’ Perceptions. Pain Manag 
Nurs [Internet]. 2017;18(3):170-178. doi: https://doi.
org/10.1016/j.pmn.2017.03.002

20.	 Monsonís-Filella B, Gea-Sánchez M, García-Martínez 
E, Folgera-Arnau M, Gutiérrez-Vilaplana JM, Blanco-
Blanco J. Mejora de la valoración del riesgo y la prevención 
de las lesiones por presión durante la implantación de una 
Guía de buenas prácticas clínicas. Enferm Clin [Internet]. 
2021;31(2):114-119. doi: https://doi.org/10.1016/j.
enfcli.2020.10.027

21.	 Campbell KE, Woodbury MG, Houghton PE. 
Implementation of best practice in the prevention of 
heel pressure ulcers in the acute orthopedic population. 
Int Wound J [Internet]. 2010;7(1):28-40. doi: https://doi.
org/10.1111/j.1742-481X.2009.00650.x 

22.	 Singh M, Hynie M, Rivera T, Macisaac L, Glandman 
A, Cheng A. An evaluation study of the implementation 
of stroke best practice guidelines using a Knowledge 
Transfer Team approach. Can J Neurosci Nurs [Inter-
net]. 2015;37(1):24-33. Available from: https://scholar.
google.com/scholar_lookup?title=An+evaluation+-
study+of+the+implementation+of+stroke+best+prac-
tice+guidelines+using+a+knowledge+transfer+team+ap-
proach&author=M+Singh&author=M+Hynie&au-
thor=T+Rivera&publication_year=2015&journal=Can+-
J+Neurosci+Nurs&pages=24-33&pmid=26152100 

23.	 Morales-Romero A, González-María E, Ramos-Ramos 
MA, Hidalgo-López L, Zurita-Muñoz AJ, Quiñoz-
Gallardo MD, et al. Implantación de la valoración 
y el cuidado de los adultos en riesgo de ideación y 
comportamiento suicida: una Guía de la Registered 
Nurses’ Association of Ontario (RNAO). Enferm 
Clin [Internet]. 2020;30(3):155-159. doi: https://doi.
org/10.1016/j.enfcli.2019.10.028

24.	 Barhorst S, Prior RM, Kanter D. Implementation of a best-
practice guideline: Early enteral nutrition in a neuroscience 
intensive care unit. J Parenter Enter Nutr [Internet]. 
2023;47(1):87-91. doi: https://doi.org/10.1002/jpen.2411 

25.	 Grinspun, D, Bajnok, I. Transforming nursing through 
knowledge: Best practices for guideline development, 
implementation science, and evaluation. [Internet]. In-
dianapolis (US):Sigma Theta Tau International;2018. 
Available from: https://scholar.google.com/scholar_
lookup?title=Transforming+nursing+through+knowl-
edge:+Best+practices+for+guideline+development,+im-
plementation+science,+and+evaluation&author=I.+Baj-
nok&author=D.+Grinspun&author=H.+McConnell&au-
thor=B.+Davies&publication_year=2018&

26.	 Donabedian A. Evaluating the quality of Medical Care. 
Milbank Q [Internet]. 2005;83(4):691-729. doi: https://
doi.org/10.1111/j.1468-0009.2005.00397.x

27.	 Arksey H, O’Malley L. Scoping Studies: Towards a 
Methodological Framework. Int J Soc Res Methodol 
[Internet]. 2005;8(1):19-32. doi: https://doi.
org/10.1080/1364557032000119616

28.	 Levac D, Colquhoun H, O’Brien KK. Scoping studies: 
advancing the methodology.  Implement Sci [Internet]. 
2010;5:69. doi: https://doi.org/10.1186/1748-5908-5-69

29.	 Tricco AC, Lillie E, Zarin W, O’Brien KK, Colquhoun H, 
Levac D, et al. PRISMA Extension for Scoping Reviews 
(PRISMA-ScR): Checklist and Explanation. Ann Intern 
Med [Internet]. 2018;169(7):467-473. doi: https://doi.
org/10.7326/M18-0850

30.	 Singla S, Medeiros C, Howitt L, Burt A, Nizum N, Naik S, 
et al. A Scoping Review Protocol on the Use of Artificial 
Intelligence Techniques in Nursing Data Systems. Open 
Science Framework [Internet]. 2023. doi: https://doi.
org/10.17605/OSF.IO/YNX76

31.	 EndNote [Internet]. India;2023. Available from: https://
endnote.com/ 

32.	 DistillerSR [Internet]. Ontario;2023. Available from: 
https://www.distillersr.com/

33.	 Lee, J. Statistics, descriptive. International encyclopedia of 
human geography [Internet]. 2020;13-20. doi: https://doi.
org/10.1016/b978-0-08-102295-5.10428-7

34.	 Elo S, Kyngäs H. The qualitative content analysis process. 
J Adv Nurs [Internet]. 2008;62(1):107-115. doi: https://
doi.org/10.1111/j.1365-2648.2007.04569.x  

35.	 Lowry AW, Futterman CA, Gazit AZ. Acute vital signs 
changes are underrepresented by a conventional electronic 
health record when compared with automatically acquired 
data in a single-center tertiary pediatric cardiac intensive 
care unit. J Am Med Inf Assoc [Internet]. 2022;29(7):1183-
1190. doi: https://doi.org/10.1093/jamia/ocac033 

https://doi.org/10.1016/j.enfcli.2019.11.013
https://doi.org/10.1016/j.enfcli.2019.11.013
https://doi.org/10.1097/XEB.0000000000000178
https://doi.org/10.1111/jocn.13770
https://doi.org/10.1111/jocn.13770
https://doi.org/10.1016/j.enfcli.2020.03.016
https://doi.org/10.1016/j.enfcli.2020.03.016
https://doi.org/10.1016/j.enfcli.2020.04.002
https://doi.org/10.1016/j.enfcli.2020.04.002
https://doi.org/10.1016/j.pmn.2017.03.002
https://doi.org/10.1016/j.pmn.2017.03.002
https://doi.org/10.1016/j.enfcli.2020.10.027
https://doi.org/10.1016/j.enfcli.2020.10.027
https://doi.org/10.1111/j.1742-481X.2009.00650.x
https://doi.org/10.1111/j.1742-481X.2009.00650.x
https://scholar.google.com/scholar_lookup?title=An+evaluation+study+of+the+implementation+of+stroke+best+practice+guidelines+using+a+knowledge+transfer+team+approach&author=M+Singh&author=M+Hynie&author=T+Rivera&publication_year=2015&journal=Can+J+Neurosc
https://scholar.google.com/scholar_lookup?title=An+evaluation+study+of+the+implementation+of+stroke+best+practice+guidelines+using+a+knowledge+transfer+team+approach&author=M+Singh&author=M+Hynie&author=T+Rivera&publication_year=2015&journal=Can+J+Neurosc
https://scholar.google.com/scholar_lookup?title=An+evaluation+study+of+the+implementation+of+stroke+best+practice+guidelines+using+a+knowledge+transfer+team+approach&author=M+Singh&author=M+Hynie&author=T+Rivera&publication_year=2015&journal=Can+J+Neurosc
https://scholar.google.com/scholar_lookup?title=An+evaluation+study+of+the+implementation+of+stroke+best+practice+guidelines+using+a+knowledge+transfer+team+approach&author=M+Singh&author=M+Hynie&author=T+Rivera&publication_year=2015&journal=Can+J+Neurosc
https://scholar.google.com/scholar_lookup?title=An+evaluation+study+of+the+implementation+of+stroke+best+practice+guidelines+using+a+knowledge+transfer+team+approach&author=M+Singh&author=M+Hynie&author=T+Rivera&publication_year=2015&journal=Can+J+Neurosc
https://scholar.google.com/scholar_lookup?title=An+evaluation+study+of+the+implementation+of+stroke+best+practice+guidelines+using+a+knowledge+transfer+team+approach&author=M+Singh&author=M+Hynie&author=T+Rivera&publication_year=2015&journal=Can+J+Neurosc
https://scholar.google.com/scholar_lookup?title=An+evaluation+study+of+the+implementation+of+stroke+best+practice+guidelines+using+a+knowledge+transfer+team+approach&author=M+Singh&author=M+Hynie&author=T+Rivera&publication_year=2015&journal=Can+J+Neurosc
https://doi.org/10.1016/j.enfcli.2019.10.028
https://doi.org/10.1016/j.enfcli.2019.10.028
https://doi.org/10.1002/jpen.2411
https://scholar.google.com/scholar_lookup?title=Transforming+nursing+through+knowledge:+Best+practices+for+guideline+development,+implementation+science,+and+evaluation&author=I.+Bajnok&author=D.+Grinspun&author=H.+McConnell&author=B.+Davies&publication_y
https://scholar.google.com/scholar_lookup?title=Transforming+nursing+through+knowledge:+Best+practices+for+guideline+development,+implementation+science,+and+evaluation&author=I.+Bajnok&author=D.+Grinspun&author=H.+McConnell&author=B.+Davies&publication_y
https://scholar.google.com/scholar_lookup?title=Transforming+nursing+through+knowledge:+Best+practices+for+guideline+development,+implementation+science,+and+evaluation&author=I.+Bajnok&author=D.+Grinspun&author=H.+McConnell&author=B.+Davies&publication_y
https://scholar.google.com/scholar_lookup?title=Transforming+nursing+through+knowledge:+Best+practices+for+guideline+development,+implementation+science,+and+evaluation&author=I.+Bajnok&author=D.+Grinspun&author=H.+McConnell&author=B.+Davies&publication_y
https://scholar.google.com/scholar_lookup?title=Transforming+nursing+through+knowledge:+Best+practices+for+guideline+development,+implementation+science,+and+evaluation&author=I.+Bajnok&author=D.+Grinspun&author=H.+McConnell&author=B.+Davies&publication_y
https://scholar.google.com/scholar_lookup?title=Transforming+nursing+through+knowledge:+Best+practices+for+guideline+development,+implementation+science,+and+evaluation&author=I.+Bajnok&author=D.+Grinspun&author=H.+McConnell&author=B.+Davies&publication_y
https://doi.org/10.1111/j.1468-0009.2005.00397.x
https://doi.org/10.1111/j.1468-0009.2005.00397.x
https://doi.org/10.1080/1364557032000119616
https://doi.org/10.1080/1364557032000119616
https://doi.org/10.1186/1748-5908-5-69
https://doi.org/10.7326/M18-0850
https://doi.org/10.7326/M18-0850
https://doi.org/10.17605/OSF.IO/YNX76
https://doi.org/10.17605/OSF.IO/YNX76
https://endnote.com/
https://endnote.com/
https://www.distillersr.com/
https://doi.org/10.1016/b978-0-08-102295-5.10428-7
https://doi.org/10.1016/b978-0-08-102295-5.10428-7
https://doi.org/10.1111/j.1365-2648.2007.04569.x
https://doi.org/10.1111/j.1365-2648.2007.04569.x
https://doi.org/10.1093/jamia/ocac033


﻿

﻿          Vol. 26(3):512-521, December 2023 - March 2024

521

36.	 Huang ZA, Zhu Z, Yau CH, Tan KC. Identifying Autism 
Spectrum Disorder From Resting-State fMRI Using 
Deep Belief Network. IEEE Trans Neural Netw Learn 
Syst [Internet]. 2021;32(7):2847-2861. doi: https://doi.
org/10.1109/TNNLS.2020.3007943

37.	 Simmons S, Wier G, Pedraza A, Stibich M. Impact of 
a pulsed xenon disinfection system on hospital onset 
Clostridioides difficile infections in 48 hospitals over a 
5-year period. BMC Infect Dis [Internet]. 2021;21(1):1084. 
doi: https://doi.org/10.1186/s12879-021-06789-y 

38.	 Magliano DJ, Chen L, Islam RM, Carstensen B, Gregg 
WE, Pavkov ME, et al. Trends in the incidence of 
diagnosed diabetes: a multicountry analysis of aggregate 
data from 22 million diagnoses in high-income and middle-
income settings. Lancet Diabetes Endocrinol [Internet]. 
2021;9(4):203-211. doi: https://doi.org/10.1016/S2213-
8587(20)30402-2

39.	 Ramallo-González AP, González-Vidal A, Skarmeta AF. 
CIoTVID: Towards an Open IoT-Platform for Infective 
Pandemic Diseases such as COVID-19. Sensors [Internet]. 
2021;21(2):484. doi: https://doi.org/10.3390/s21020484

40.	 Jung YS, Kim YE, Go DS, Yoon SJ. Projecting the 
prevalence of obesity in South Korea through 2040: 
a microsimulation modelling approach. BMJ Open 
[Internet]. 2020;10(12):e037629. doi: https://doi.
org/10.1136/bmjopen-2020-037629 

41.	 Slijepcevic D, Zeppelzauer M, Schwab C, Raberger 
AM, Breiteneder C, Horsak B. Input representations and 
classification strategies for automated human gait analysis. 
Gait Posture [Internet]. 2020;76:198-203. doi: https://doi.
org/10.1016/j.gaitpost.2019.10.021

42.	 Ward MA, Stanley A, Deeth LE, Deardon R, Feng 
Z, Trotz-Williams LA, et al. Methods for detecting 
seasonal influenza epidemics using a school absenteeism 
surveillance system. BMC Public Health [Internet]. 
2019;19(1):1232. doi: https://doi.org/10.1186/s12889-
019-7521-7 

43.	 Rashmi R, Prasad K, Udupa CBK. BCHisto-Net: Breast 
histopathological image classification by global and 
local feature aggregation. Artif Intell Med [Internet]. 
2021;121:102191. doi: https://doi.org/10.1016/j.
artmed.2021.102191

44.	 Shea CM, Weiner BJ, Belden CM. Using Latent Class 
Analysis to Identify Sophistication Categories of Electronic 
Medical Record Systems in U.S. Acute Care Hospitals. 
Soc Sci Comput Rev [Internet]. 2013;31(2):208-20. doi: 
https://doi.org/10.1177/0894439312448726 

45.	 Wagenaar BH, Gimbel S, Hoek R, Pfeiffer J, Michel C, 
Manuel JL, et al. Effects of a health information system 
data quality intervention on concordance in Mozambique: 
time-series analyses from 2009-2012. Popul Health Metr 
[Internet]. 2015;13(1):9. doi: https://doi.org/10.1186/
s12963-015-0043-3

46.	 Solimini AG, D’Addario M, Villari P. Ecological 
correlation between diabetes hospitalizations and fine 
particulate matter in Italian provinces. BMC Public Health 
[Internet]. 2015;15(1):708. doi: https://doi.org/10.1186/
s12889-015-2018-5

47.	 Sanchez D, Dubay D, Prabhakar B, Taber DJ. Evolving 
Trends in Racial Disparities for Peri-Operative Outcomes 
with the New Kidney Allocation System (KAS) 
Implementation. J Racial Ethn Health Disparities [Internet]. 
2018;5(6):1171-1179. doi: https://doi.org/10.1007/
s40615-018-0464-3

48.	 Atzori L, Iera A, Morabito G. The Internet of Things: A 
survey. Comput Netw [Internet]. 2010;54(15):2787-2805. 
doi: https://doi.org/10.1016/j.comnet.2010.05.010

49.	 von Gerich H, Moen H, Block LJ, Chu CH, DeForest 
H, Hobensack M, et al. Artificial Intelligence-based 
technologies in nursing: A scoping literature review of the 
evidence. Int J Nurs Stud [Internet]. 2022;127:104153. doi: 
https://doi.org/10.1016/j.ijnurstu.2021.104153

50.	 Rubin D, White E, Bailer A, Gregory EF. Roles of 
Registered Nurses in Pediatric Preventive Care Delivery: 
A Pilot Study on Between-office Variation and Within-
office Role Overlap. J Pediatr Nurs [Internet]. 2020;52:5-9. 
doi: https://doi.org/10.1016/j.pedn.2020.01.012

Shina Singla, Christina Medeiros, Shanoja Naik, Lyndsay Howitt, Doris Grinspun

DOI: https://doi.org/10.29375/01237047.4634          Vol. 26(3):512-521, December 2023 - March 2024

https://doi.org/10.1109/TNNLS.2020.3007943
https://doi.org/10.1109/TNNLS.2020.3007943
https://doi.org/10.1186/s12879-021-06789-y
https://doi.org/10.1016/S2213-8587(20)30402-2
https://doi.org/10.1016/S2213-8587(20)30402-2
https://doi.org/10.3390/s21020484
https://doi.org/10.1136/bmjopen-2020-037629
https://doi.org/10.1136/bmjopen-2020-037629
https://doi.org/10.1016/j.gaitpost.2019.10.021
https://doi.org/10.1016/j.gaitpost.2019.10.021
https://doi.org/10.1186/s12889-019-7521-7
https://doi.org/10.1186/s12889-019-7521-7
https://doi.org/10.1016/j.artmed.2021.102191
https://doi.org/10.1016/j.artmed.2021.102191
https://doi.org/10.1177/0894439312448726
https://doi.org/10.1186/s12963-015-0043-3
https://doi.org/10.1186/s12963-015-0043-3
https://doi.org/10.1186/s12889-015-2018-5
https://doi.org/10.1186/s12889-015-2018-5
https://doi.org/10.1007/s40615-018-0464-3
https://doi.org/10.1007/s40615-018-0464-3
https://doi.org/10.1016/j.comnet.2010.05.010
https://doi.org/10.1016/j.ijnurstu.2021.104153
https://doi.org/10.1016/j.pedn.2020.01.012

